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INTRODUCTION

Understanding patients’ concerns and expectations
regarding hospitals is crucially important for providers
and administrators attempting to provide better service

negative comments were identified and analyzed

“NQy,
* a month agc &y Q'
| brought my child in after a fall down the stairs that
injured his mouth. The doctor immediately began i

RESULTS

Classification of Ratings and Comments

® |ndividual rating <2 === Negative rating & comment

Positive Comments Negative Comments

RESULTS (cont.)

Figure 4. Top Representative Words of 4 Text Clusters

1st Cluster Jj2nd Cluster 3rd Clusterfj4th Cluster

comments, 6 referred to the care provided and 6

patients’' feedback on the internet

Hospital administrators should value and utilize their
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